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XJELSEIE

front left
[l .

OVSparsefiill
SR

rear right

TABLE III
COMPARISON OF OVSPARSE WITH OTHER METHODS.

>  Sis¥EIE (Lidar) RY7EMELL:

: Method Modality | mAP (%) | NDS (%) -

=~ OV-PointCLIP [21] L 0.1 50 : OVSparsefJmAP (21.74) FINDS (22.56) NIKT 4ni&HfLILidar
" OV-PointCLIP V2 [22] L 2.8 109 =

. CLIP-3D [12] L 72 142 = -y -

: OV-3DET [13] [ 55 o s N ¥:0OpenSight (23.5 mAP/24.0 NDS) .

- CoDA [14] L 10.3 161 = .

= OV-Uni3DETR [23] L 15.48 1561 = > SigNE&, (Camera) B9%:%4EEL:

E OpenSight [24] L 235 240 =

= OVMONO3D-GEO [25] C 8.56 101 = o e e s . o

= OVMONO3D-LIFT [25] C 1439 20 OVSparse JEILHI HATHRCHERITERE, o mAP HUHEA S 1
= OV-Uni3DETR [23] C 12.54 1467 = N

= OpenAD-Ens [26] C 12.36 1402 = OVMONO3D-LIFT @i 7.35%, NDS A0t 10. 56%.

. OVSparse (Ours) C 21.74 22.56 .
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Q1: For < Behavior X>, please provide movement descriptions of four parts: head, hands, trunk and legs.

1379 RIS A4

1R

Q3: For < Behavior X>, please provide description of the

overall behavior

sk Head

% Hands

A
ik trunk

B\i legs

C41 sneeze

C48 throw up

Moves forward abruptly, often turning away or
downward to avoid spreading droplets.

Bows forward or over a receptacle, face
contorted in discomfort.

Covers mouth and nose with one hand or uses a
tissue to shield expelled air.

Covers mouth or braces on a nearby
surface to catch expelled contents.

Contracts slightly with the force of the sneeze or
cough.

Contracts in a heaving motion, often
doubling over.

May brace slightly to maintain balance during
the reflexive movement.

Might tremble or have knees slightly
bent to maintain stability.

stages.

Q2: For < Behavior X>, please provide movement descriptions at the beginning, middle and end time

Start

&l

o

+ Middle

m End

C41 sneeze

C48 throw up

Prepares to sneeze or cough by inhaling deeply
or feeling an urge.

Feels queasy or nauseous, preparing to
vomit.

Expels air forcefully from the lungs, releasing
droplets from the mouth and nose.

Contracts the abdominal muscles to
expel the stomach contents.

Recovers posture, possibly wiping the face or
using a tissue after the sneeze or cough.

Reaches for a receptacle like a trash can or

restroom, then recovers posture after vomiting.

C41 sneeze

C48 throw up

Whole

Initiates a forceful
expulsion of air from
the lungs through
the nose and mouth
to clear irritants or
respond to an urge
to sneeze or cough.

Contracts abdominal
muscles to expel stomach
contents forcefully
through the mouth in
response to nausea or
gastrointestinal distress

Q4: For < Behavior X>, please provide the environment in

which this behavior is executed.

Environment

Occurs in response to
irritants in the
respiratory system,
allergies, viral
infections, or as a
reflex to clear the
airways from mucus
and foreign particles.

Occurs as a bodily
response to illness,
motion sickness,
indigestion, or
emotional distress,
aimed at expelling
harmful substances
from the stomach.
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O $HScAISOTAIESE: FENTU RGB+D 605120 iREMBIUFERINT, H-scorelSisTIRtf, REEERMME
#948/125596/ 248 3 R{iL AR,

O SEERSHEEN: SEERIKRISEISING (A1M55/55048/12) , (BEEREANERE, IERTHASAMNEX

FOBRMZWERE.  \ruresD 60 results NTU RGB+D 120 results
G
7sL GzsL 7sL GzsL 7sL GzsL 7sL GZsL
Acc S U H Acc S U H Acc S U H Acc S U H
ReViSE 53.91 7422 3473 4732 1749 6236 20.77 31.16 55.04 48.69 44.84 46.68 32.38 49.66 2506 33.31
DOV 6482 6444 5029 5649 28.75 60.49 20.26 3075 DS 5193 47.66 4640 47.05 3244 3862 2279 2867
76.84 69.38 6179 6537 2896 5132 27.03 35.41 59.53 47.16 49.78 48.44 3577 4111 3414 37.31
75.81 61.27 5693 59.02 33.30 5221 27.85 36.33 62.69 5251 57.60 54.94 3870 5639 3225 41.04
| smie (g i - 4018 - ; i | smie  [FERZRNE i . 4530 - i i
DNEETI 8363 7173 66.15 68.83 49.19 58.80 40.00 47.61 DEETTN 7120 4684 6830 5557 5973 5684 48.61 52.40
7923 - i . 4099 - ; i 71.95 - i . 5201 - i i
8237 628 708 663 4138 502 369 426 68.77 6110 59.75 60.42 46.12 5882 3579 44.50
81.40 69.00 69.90 69.40 4510 62.70 37.00 46.60 6330 59.90 5270 5610 4430 5120 3690 42.90
DT s6.90 69.10 7380 7140 6270 61.60 56.80 59.10 DT 7150 67.60 5950 63.30 57.10 67.50 44.40 53.60
8591 - i . 5332 - ; i 7481 - i . 6005 - i i
DOCMENN s437 8578 7603 80.61 6211 82.64 5636 67.02 DA 7847 7702 7602 7652 5715 7560 50.34 60.44
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O 88 EREXARIST, HEEIBEHTFSA-DVAEREIEE,; AE(NEASERE, bR SMNEWE.

O =xik: SINSRERXKE, BIRENEABE. BEXXRASE, B88E TN TARIE, SHEFTHRBE
RELARE, EERGER, CHEEEEARRIRNFESHESHIAE.

Different diffusion steps

NTU-60
48/12 110/10 96/24
Acc Time Acc Time Acc Time Acc Time
SA-DVAE 82.82 - 54.86 - 76.61 - 52.25 -
Ours (s1) 84.37 8.2e-6 62.11 5.7e-6 78.47 2.2e-5 57.15 1.0e-5
Ours (s10) 84.37 4.9e-5 61.56 4.8e-5 78.43 4.9e-5 57.51 4.9e-5
84.00 9.3e-5 60.98 9.4e-5 78.31 8.e-5 57.27 8.9e-5
With/without triplet loss -
80 CrossDIffAE w.triplet loss] 80 ‘ . {@ ’
: = - ;;g
|OSS 2;: - o e C106 20 -’ 4 % C106 I——
FEIG ISSeN IO N | NS | *E}? e .
| w TR EREEEN " & @ o] o & ’ : /@
Wi b
w/o 84.15 73.76 54.04 . & oo | o . -
-100 100 Tm m an o on e on

80 60 -40 -20 0

20 40 60 80

80 60 -40 -20 0

20 40 60 80
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